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e pairs of cp-trajectories and log mel spectra for German words
e inference principle for speech resynthesis using the Vocal-

TractLab (VTL) simulator [1]

e generates smooth and plausible control parameter (cp-)
trajectories for VTL

e segment based resynthesis of GECO corpus [5, 6] e velocity loss: as few position changes as possible
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METHODS

How does the model imag-
ines its sound production?
Fast, error driven, summa-

rizes past experience, local.
2 x 350 LSTM-cells

FRAMEWORK OVERVIEW
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loop (experience) Figure 1: Implementation of the recurrent gradient-based motor inference principle with LSTM based networks. The
e continue training of predictive model with synthesized audio predictive model imagines the acoustic representation and allows for adjustment prior to execution. The inverse model is
plus 10 initial training samples only used for initialisation.
e predictive model much faster than VTL synthesis
RESULTS o FUTURE PLANS
e good recovery, good generalisation
® optimizes imitation instead of intelligibility e tool for studying mechanics of human speech generation
- . e fails to recover cp-trajectories when initialized with flat neu- e change objective to intelligibility
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e optimize against VTL synthesis e integrate into the Linear Discriminative Learning model of
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